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Abstract: It is of great significance to carry out automatic monitoring of coastal zone and sea area
use for Coastal Zone Supervision and Management. With the continuous improvement of inde-
pendent research and development of satellite network in China,remote sensing change detection
technology has become an important means of coastal zone monitoring. According to the change
information extraction of coastal areas, this paper first used multi features to construct different
images,and then used two integrated learning methods: Random Forest and eXtreme Gradient
Boosting (XGBoost) were used to detect changes in the experimental area, and compared with
traditional machine learning SVM, CVA and IR-MAD. The results showed that the efficiency of
change information extraction by integrated learning was far higher than that of other methods,
and XGBoost had some advantages in the accuracy of change information extraction.
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